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1. Objectives 3. Impact of corpus size

Quantifying intra-linguistic diversity of multiword expression Va riety
(MWE) in annotated text.
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Variety measures of verbal and non-verbal MWE in terms of sample
size ( % of sentences) of Sequoia Corpus

Both variety measures are affected by corpus size = corpus of
different size cannot be compared.

Never gonna give you up|~| {give, up}
They gave up long ago || {give, up}
Who r u, who r so wise in the ways of science|—| {in, of, the, way, wise}
Another one bites the dust|—| {bite, dust, the}

Richness more interpretable = Richness preferred

Diversity — decomposed into:
Balance
Variety : How many types

Hypothesis: MWEs follow a Zipfian distribution (of pmf Z y (x))
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. Early experiments = D decreases with corpus size
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max D in a 2D space for up to 7 types
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