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Challenges in corpus annotation of 

copulative perception verbs 

Alon Fishman
The Open University of Israel

Goal: Find (cross-linguistic) patterns of form-function mappings in a class of verbs

Forms: 

(i) looks weird.

(ii) wygląda dziwnie.     (Polish)

 looks weirdly

(iii) nir’et muzar / -a.  (Hebrew)

 looks.F weirdly / weird.F

Functions:

(a) X has a weird look.

(b) X’s look suggests weirdness.

Hebrew ‘look’ Adverb Adjective

‘wonderful’ 512 23

‘excellent’ 658 53

‘big’ 5 392

‘simple’ 4 481

Russian ‘look’ Adverb Adjective

‘wonderful’ 1200 14

‘excellent’ 1260 19

‘elastic’ 5 118

‘obvious’ 9 241

Annotation challenges:

• Multiple polysemies

• Intra- & cross-
linguistic variability

• Annotation variability

Is your language missing?

звучать, näyttää, brzmieć, 

sonar, klingen, avoir l’air
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Annotating French MWEs 
for French L2 learning  

Amalia Todirascu, University of Strasbourg 
(todiras@unistra.fr) (WG1)

● Aims : create a CEFR-level corpus and build a MWEs lexical database for French L2 
learners, annotated with CEFR level (related work with ANR project STAR-FLE) 

● MWEs are difficult for L2 language learners (Bahn and Eldaw, 1993), (Siyanova, 2017)
● Simplified typology of verbal MWE (Todirascu et al, 2019): idioms, collocations, fixed 

expressions 

mailto:todiras@unistra.fr


Abstractive Text Summarization Datasets, Models, and Tokenization Approaches

for Turkish and Hungarian

 Text summarization

 Extractive text summarization

 Abstractive text summarization

 This work is related to abstractive text summarization

 Contributions:

 Two large-scale publicly available summarization datasets for Turkish and Hungarian

 Strong baselines for both datasets

 Comparing pointer-generator model (commonly-used baseline model for summarization) 

with BERT-based models

 Two morphological tokenization methods

 SeparateSuffix

 CombinedSuffix

Batuhan Baykara, Tunga Güngör

Boğaziçi University, Computer Engineering, Istanbul, Turkey



Bridging the Geological Lexicon 
and Corpus with Focus on MWEs 

Extraction
Biljana Rujević, Cvetana Krstev, Mihailo Škorić

GeoSrpKor MWE 
extraction

Terminology 
evaluation

Lexicon in 
the LeXimirka
environment

UniDive 2nd General Meeting, University of Naples “L’Orientale Naples, Italy, 8-9 February 2024



 



 



 



Leveraging Linked Data, NIF, and CONLL-U 

for Enhanced Annotation in Sentence 

Aligned Parallel Corpora 

● Interlinking MWE 

lexicon entries with their 

occurrences in corpora

● publishing of aligned 

and annotated corpus 

as LD employing NIF

ELEXIS-WSD 

Parallel 

Sense-

Annotated 

Corpus

ranka@rgf.rs  

christian.chiarcos@uni-a.de

milica.ikonic.nesic@fil.bg.ac.rs



 

 



Lexical
Ambiguity

Machine
Translation

Advances in Natural Language Processing:
Bridging Text and Knowledge via Grounding and 
Innovative Applications
Edoardo Barba · UniDive - 2nd General Meeting | WG-{1,3,4}
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Contacts:

Probing Coreference Models of Romance Languages using 
Multiword Expressions

Evelin Amorim
evelin.f.amorim@inesctec.pt

O usuários antigos eram os que mais reclamavam.
 
Old users were the ones who complained the most.

● Coreference: Who is the entity mentioned by some expression? Glossary: Os usuários mais 
antigos/Old Users, 
eram/were, os/the, que/who, 
mais/the most, 
reclamavam/complained 

● Outcomes:Understanding of the influence of MWEs in coreference models and 
improvement of coreference models for Romance languages

evelin.f.amorim@inesctec.pt

WG3

● How does MWE influence the current SOTA English coreference model and how does 
this seq2seq model behave in Romance Languages?



 



VMWEs in the Croatian verb valency database
Ivana Brač, Lobel Filipić, Maja Matijević, Siniša Runjaić

Institute for the Croatian Language
Relevant to WG2, WG1

• reflexive verbs, verbal idioms, and light verb constructions in Croatian general

language online dictionaries (Croatian Language Portal; Croatian Web

Dictionary – Mrežnik) and online valency lexicons (CROVALLEX; e-Glava)

• aim: description of VMWEs in the verb valency database Verbion – Semtactic

(Semantic-Syntactic Classification of Croatian Verbs (HRZZ, IP-2022-10-8074))

• questions:

• non-inherently reflexive verb – lemma, sublemma, sense?

• LVCs – separate verb sense, semantic roles, etc.

• …



 



Word Segmentation in Universal Dependencies

Free Morphs

en nice (property)

en work (action or object)

en now (property)

cs pes ‘dog’ (object)

en ouch (not a root)

Clitics
en the book

cs Smál se. ‘He laughed.’
es de la escuel-a ‘of the school’;

de auf der Brücke ‘on the bridge’

Roots (+Affixes)

cs plyn ‘gas’ (free root)

tr ev-ler ‘house-Plur’ (free root with affix)

it alber-o ‘tree’ (bound root with required affix)

en re-place-ment (non-required affixes)

cs Josef-ov-ým ‘Josef-Poss-Ins’ (opt⇒ req affix)

Compounds (+Affixes)

en flower-pot

de Auto-bahn ‘highway’

cs straš-pytel ‘scaredy-cat’

el γεω-γραφ-ία / geô-graf-ía ‘geography’ (affix)

Non-Haspelmath Words in UD

de Liebe-s-brief ‘love letter’

cs ruk-o-pis ‘manuscript’
de am⇒ an dem ‘at the’, im⇒ in dem ‘in the’

fr au ⇒ à le ‘to the’

Kilian Evang, Daniel Zeman
evang@hhu.de, zeman@ufal.mff.cuni.cz

Heinrich Heine University Düsseldorf, Charles University



Entropy Behaviour upon Dataset Size Update

Louis Estève, Agata Savary, Thomas Lavergne

Thursday 8th February 2024

Laboratoire Interdisciplinaire des Sciences du Numérique – LISN, CNRS

firstname.lastname@lisn.upsaclay.fr



Entropy Behaviour upon Dataset Size Update
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Creation Dataset of Token Language Identification
for Ukrainian-Russian Code-switching Corpus 

Olha Kanishcheva1,2, Maria Shvedova1,3

1University of Jena, 2 SET University, 3 National Technical University "KhPI"

UniDive 2nd general meeting, University of Naples L’Orientale, Italy, 7-9 February 2024

Our results:

1) A database of about 150,000 tokens containing code-switching between 
Ukrainian and Russian has been collected. 

2) This dataset contains intra-word code-mixing, so-called Surzhik. The 
dataset is divided at the token level into 5 categories. The next step will be 
to analyze the obtained dataset and test different classification models on 
this data.

3) We analyzed the different types of code-switching that occur in our 
dataset.

4) Some metrics of code-switching have been calculated to show the 
complexity of the data.

Labels Description Tokens

UK Ukrainian words 93 040

RU Russian words 30 956

MIX

Ukrainian-
Russian 
hybridized words 
(Surzhyk)

225

Others
Dialects, other 
languages, etc.

615

Punct Punctuation 30 695

WG1
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